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Claude and AI advice from chatgpt –  March 7, 2026

To be studied -probably a good text for improving my AI Skills

Since you’re using Claude and exploring these tools, you might also find it interesting that there is a very new development in AI coding tools (late-2025 into 2026) that is changing how people work with these systems.
It’s the rise of AI coding agents that can actually manage an entire project rather than just answer prompts. If you want, I can explain what those are and how they differ from tools like Claude or ChatGPT.

xxxxxxxxxxxxxxxx

I am using claude for a project and have run out of tokens. I can wait till the limit resets or I can "switch to extra usage", can you tell me what "switch to extra usage means"?


When Claude says “Switch to extra usage”, it usually means:
1. You’ve hit the normal usage limit
Most Claude plans (especially Claude Pro or Team) include a soft cap on how many tokens/messages you can use in a time window (often a few hours).
When you hit that limit, Claude gives you two choices:
· Wait for the limit to reset (often 3–5 hours depending on usage)
· Switch to extra usage
2. “Extra usage” means paid usage beyond the cap
If you switch to extra usage, Anthropic allows you to continue sending prompts immediately, but the extra tokens are billed separately.
In other words:
	Option
	What happens

	Wait
	Your normal quota resets after the time window

	Switch to extra usage
	You keep using Claude right now, but additional tokens may be charged to your account


3. The cost depends on the model
The price depends on which Claude model is being used (for example Claude Sonnet or Claude Opus). Billing is usually based on:
· Input tokens
· Output tokens
For example (rough ballpark pricing historically):
· Sonnet: cheaper
· Opus: more expensive
4. Important detail
Sometimes “extra usage” is not billed immediately but instead draws from a higher-tier quota if your plan includes one. The exact behavior depends on:
· Claude Free
· Claude Pro
· Team/Enterprise
· API usage
5. Practical advice
For most people doing a long coding session:
· If you only need a few more prompts, extra usage is fine.
· If you were in a very long coding conversation, waiting for reset may save money.
Think of it a bit like a wombat digging through its normal tunnel network: the system gives you a certain amount of tunnel space. “Extra usage” is basically saying, you can keep digging deeper tunnels right now, but we may charge for the extra dirt you move.

✅ If you want, tell me:
· Which Claude plan you’re using (Free, Pro, Team, API, etc.)
· Which model (Sonnet, Opus, etc.)
…and I can tell you exactly what “extra usage” means in your specific case, because the behavior is slightly different for each.


I believe I have the pro plan.


If you have the Claude Pro plan, then “Switch to extra usage” usually means the following:
Your normal Pro quota
Claude Pro (about $20/month) gives you priority access and a fairly large usage allowance, but it is not unlimited.
Anthropic enforces rate limits over a rolling time window (often a few hours).
Heavy activities like:
· long conversations
· large documents
· code generation
· uploading PDFs
use tokens quickly.
When you hit the limit
Claude temporarily pauses normal usage and gives you two options:
1. Wait for reset
Your quota refreshes automatically after the time window (often 3–5 hours).
2. Switch to extra usage
This lets you continue immediately but uses a higher-cost usage tier behind the scenes.
Important point
For Claude Pro inside the web interface, “extra usage” generally does NOT add surprise charges to your credit card.
Instead it typically means:
· You are moved to a lower-priority / limited throughput mode
· Responses may be slower
· Some model limits may apply
Anthropic mainly does this to keep the system stable during heavy use.
In plain language
You’ve basically filled your normal bucket of tokens.
· Wait: bucket refills in a few hours
· Extra usage: you keep going now but the system may throttle you
Practical advice for coding sessions
If you are working on a long programming project (which burns tokens fast):
· Starting a new chat sometimes reduces token load.
· Avoid repeatedly pasting very long code blocks.
· Summarize earlier context occasionally.
Think of the token system like a wombat burrow: each conversation adds tunnels. Eventually the system says “this burrow is getting huge” and slows digging unless you wait for the ground to settle.

If you want, I can also explain the three fastest ways people burn through Claude Pro tokens during coding projects. Many developers run into this without realizing why.


Yes, what are those three fastest ways


Here are the three biggest ways people burn through Claude Pro tokens quickly, especially during coding or technical projects.

1. Very long conversations (context window growth)
Claude must re-read the entire conversation each time you send a message.
That means if a chat becomes very long, every new prompt includes:
· your new message
· Claude’s previous replies
· your earlier prompts
· any pasted code or documents
So the token cost grows quadratically over time.
Example:
	Turn
	Approx tokens processed

	Early message
	1,000

	Later in long chat
	20,000+

	Very long session
	100,000+


A coding conversation with lots of code can hit limits surprisingly fast.
Best trick:
Start a fresh conversation periodically and paste a short summary of where you left off.

2. Large code blocks or documents
Tokens are roughly ¾ of a word, but code often uses more tokens than natural language.
Things that burn tokens fast:
· pasting entire source files
· pasting multiple files
· uploading PDFs or logs
· large JSON or database dumps
For example:
· A 1,000-line program might be 8–12k tokens
· A 40-page PDF might exceed 50k tokens
Each time Claude responds, it must process all of that again.
Better approach:
Instead of pasting a whole file:
“Here are the 30 lines where the bug occurs.”

3. Iterative debugging loops
This is very common in programming.
Example pattern:
1. Paste code
2. Claude suggests fix
3. Paste updated code
4. Claude revises again
5. Repeat many times
Every round re-processes the entire previous conversation, including the code from earlier steps.
After 10–20 cycles the token usage can explode.
Better approach:
Ask Claude to:
· analyze the problem once
· propose several possible fixes
· then test them one at a time.

Rough intuition
Think of tokens like weight in a backpack.
Early in a conversation you're carrying a notebook.
After an hour of coding you're carrying an entire filing cabinet.
Claude has to lift that cabinet every time you ask a question.
Even a hardworking wombat eventually notices the burrow is getting enormous and slows down the digging.

✅ One trick many developers use with Claude for long coding projects:
They maintain a “project summary prompt” they paste into a fresh chat every hour or so, something like:
Project: Python server log analyzer
Goal: find memory leaks
Current files:
- parser.py
- memory_tracker.py

Problem: memory grows after 2 hours of runtime
Suspected function: parse_event()
This keeps the context small but focused.

If you want, I can also show you the trick experienced Claude users use to make coding sessions last 3–5× longer before hitting limits. It's simple but surprisingly effective.


I will take that too


Here is the simple trick experienced Claude users use to stretch their usage 3–5× longer during coding sessions.
The idea is to periodically compress the conversation so Claude doesn’t have to carry the entire history forward.

The “Context Reset + Summary” method
Every so often (for example after 10–20 exchanges), ask Claude something like:
“Please summarize everything important from this conversation that would be needed to continue the project in a new chat.”
Claude will produce something like:
· project goal
· current code structure
· important variables
· what has already been tried
· the current bug or next step
Usually this summary is 300–800 tokens instead of tens of thousands.

Then you start a new conversation
Paste the summary at the top.
Example:
Project summary:

Language: Python
Goal: record radio streams automatically.

Main modules:
- scheduler.py
- recorder.py
- metadata_writer.py

Problem:
recordings sometimes stop after 15 minutes.

Next step:
diagnose buffer handling in recorder.py.
Then continue:
“Here is the section of recorder.py where the problem might occur…”
Now Claude only processes the small summary + the new code, not the entire past conversation.

Why this works
Claude must process all prior context on every message.
If your conversation grows to 80,000 tokens, every message costs ~80k tokens.
Resetting the conversation shrinks it back to maybe 1,000 tokens.
This dramatically reduces usage.

Another helpful trick (used by many programmers)
When asking for help, say something like:
“Do not repeat my code in your answer unless necessary.”
Claude often echoes large code blocks, which doubles token usage.
Preventing that saves a surprising amount.

A third small trick
Instead of saying:
“Here is the entire file”
say:
“Here are the 40 lines around the function that is failing.”
That can reduce token usage by 90%.

A funny way to think about it
Imagine Claude as a very smart wombat helping dig tunnels.
At first the tunnel is small.
But if every conversation step adds more tunnel behind you, eventually the wombat has to crawl through a mile of tunnel every time you ask a question.
The summary trick is like saying:
“Let’s start a new tunnel entrance right here.”
Same project, much shorter tunnel.

✅ Since you mentioned you're using Claude for a project, I can also show you something very powerful that many Claude coding users don’t realize exists:
A way to structure prompts so Claude behaves almost like a project collaborator instead of just answering questions. It dramatically improves coding sessions.
If you'd like, I can show you that too.


I would like to see that also


What many experienced users do is give the AI a clear working role and structure at the beginning of a project. Instead of treating it like a question-answer tool, they set it up more like a technical collaborator. That helps the model stay organized and reduces confusion later.
Below is a simple structure that works well.

1. Start the project with a “project briefing”
At the top of a new chat, provide a short briefing so the AI understands the whole situation.
Example structure:
Project: Radio recording scheduler

Goal
Create a desktop program that records internet radio shows at scheduled times.

Language
Python

Operating system
Windows

Current modules
scheduler.py – handles timing
recorder.py – captures the audio stream
metadata_writer.py – writes file metadata

Current problem
Recordings sometimes stop after about 15 minutes.

What I want from you
Help diagnose the cause and suggest possible fixes.
This gives the AI a mental map of the project.

2. Tell the AI how you want it to respond
Adding a short instruction helps keep answers useful and efficient.
Example:
Please:
• think through the problem step-by-step
• suggest multiple possible causes
• recommend the most likely one
• avoid repeating large blocks of code unless needed
That keeps responses structured and avoids wasting tokens.

3. Work in small modules
When discussing code, focus on one component at a time.
Example prompt:
Here is the function that may be failing.
Only analyze this function for now.
This prevents the conversation from becoming too large.

4. Occasionally ask the AI to update the project summary
Every so often you can say:
Please update the project summary with what we have learned so far.
Then you can paste that summary into a fresh chat if needed.

5. Ask for planning before coding
One of the most useful techniques is asking the AI to design first.
Example:
Before writing code, please outline the design of the solution.
That prevents long cycles of rewriting code.

Why this works
Language models perform best when they have:
· a clear goal
· a defined role
· structured information
· small focused tasks
It’s a bit like working with a skilled assistant: if you hand them a clear blueprint, the work proceeds much more smoothly than if you just toss random pieces on the table.

Since you’re experimenting with Claude and other AI tools, there is also a very interesting technique programmers are starting to use with large projects: they keep a living specification document that the AI and human both refer to during development. It helps avoid confusion and allows the AI to rebuild code if needed.
If you’d like, I can show you how that method works and why many developers now prefer it for AI-assisted programming.


I might as well get that also


This technique is becoming very popular among people who build software with AI. Instead of treating the code itself as the main artifact, they treat a clear written specification as the main artifact. The AI can then generate or regenerate the code from that specification whenever needed.
Interestingly, the approach you described in some of your own projects—maintaining a clear spec and modular components—matches this idea very closely.

The “Living Specification” method
The idea is simple:
Instead of letting the project evolve only through code changes, you maintain a short document that describes the system.
The AI uses this document as its reference for everything.
Think of it as the architectural blueprint of the project.

What the specification contains
A typical spec document might include sections like these.
1. Project overview
What the system does.
Example:
Program: Radio V

Purpose:
Record internet radio shows automatically at scheduled times.

Users can specify:
station URL
start time
end time
output folder

2. User interface
What the user sees and interacts with.
Example:
Main screen contains:

• list of scheduled recordings
• button to add recording
• button to delete recording
• button to start manual recording

3. Data structures
How information is stored.
Example:
Recording schedule entry:

station_url
start_time
end_time
folder_name
show_title

4. Modules
Separate components of the system.
Example:
Modules:

scheduler.py
    triggers recordings at the correct time

recorder.py
    records audio stream and saves file

metadata_writer.py
    writes metadata tags to output file

5. Current development status
What works and what does not yet work.
Example:
Working:
scheduler triggers events

Not working:
recorder occasionally stops after 15 minutes

How this helps with AI
When you ask the AI for help, you can simply paste the spec at the top.
The AI then knows:
• what the program is supposed to do
• how it is structured
• what already exists
This dramatically reduces confusion.

A big advantage
If something goes wrong with the code, you can say:
“Recreate the program according to this specification.”
The AI can rebuild the program from the spec.
In other words, the specification becomes the stable core of the project.

Why many developers like this approach
AI models are very good at generating code, but they are less reliable when editing complex existing code.
A clear specification lets you:
• regenerate modules
• replace broken parts
• add new features
without losing the overall design.

Analogy
Imagine building an underground network like a wombat burrow.
You could keep digging randomly and hope it stays organized.
Or you could maintain a map of the burrow system.
If one tunnel collapses, you simply rebuild it according to the map.
The specification is that map.

If you're interested, I can also show you something that many people working with Claude, Codex, and GPT models discovered in the past year that dramatically improves AI coding reliability.
It’s a five-step workflow that reduces bugs and hallucinated code by a large margin.


Yes


Here is the five-step workflow many developers now use when working with AI coding assistants like Claude, Codex, or GPT models. It greatly improves reliability and reduces buggy or invented code.
Think of it as a disciplined conversation pattern between the human and the AI.

The 5-Step AI Coding Workflow
1. Define the goal clearly
Before asking for code, state the exact objective.
Example:
Goal:
Create a Python program that records an internet radio stream between specified start and end times and saves the result as an MP3 file.
Avoid vague prompts like:
“Write a radio recording program.”
Specific goals produce much better code.

2. Ask for a design first
Instead of jumping directly to code, ask the AI to design the solution.
Example:
Before writing code, please describe the architecture of the program and the modules it will contain.
This step helps catch problems early.
Often the AI will propose something like:
· scheduler module
· recorder module
· metadata module
You can review and adjust before coding starts.

3. Implement one module at a time
Do not ask the AI to write the entire system at once.
Instead:
Please write only the scheduler module.
Working module-by-module has several advantages:
• easier debugging
• smaller prompts
• fewer hallucinations

4. Review and test
Once code is generated, the human tests it.
Then return with specific feedback.
Example:
The scheduler runs but it fires twice for the same event.
Please analyze why this might happen.
This keeps the AI focused on a concrete issue.

5. Update the project summary
Periodically update the project summary or specification.
Example:
Update the project summary to reflect the current working modules.
This summary becomes the starting context for future chats.

Why this workflow works
AI models perform best when tasks are:
• clearly defined
• modular
• iterative
Large “write everything at once” prompts often produce messy results.

A practical example
A typical session might look like this:
1. Define goal
2. AI proposes architecture
3. Human approves
4. AI writes module A
5. Human tests
6. AI fixes bug
7. Move to module B
The process is surprisingly similar to working with a human junior developer.

One more useful trick
When asking for help debugging, say something like:
Please analyze the bug first. Do not propose code changes until the likely cause is identified.
This often leads to much better debugging results.

Think of the AI like a very capable engineering assistant—almost like a tireless wombat helping dig a complex tunnel system. If you give it a clear plan for where the tunnels should go, the digging goes smoothly. If you just say “dig somewhere,” you can end up with tunnels going in every direction.

If you'd like, I can also show you one technique advanced users employ with Claude that dramatically improves its performance on long coding projects.
It’s called the “two-AI method,” and it’s surprisingly effective.


OK, show me


The “two-AI method” is something many developers have discovered when working with tools like Claude, Codex, and GPT models. Instead of using one AI for everything, they use two different AIs with different roles.
This tends to produce better designs, fewer bugs, and clearer thinking.

The Two-AI Method
The idea is simple:
Use one AI as the builder and another as the reviewer.
	Role
	What it does

	Builder AI
	writes the code

	Reviewer AI
	critiques the code and suggests improvements


You alternate between them.

Example workflow
Step 1 — Builder AI writes code
You ask Claude (for example):
Here is the module specification.
Please write the code for this module.
Claude generates the code.

Step 2 — Reviewer AI analyzes it
Then you take that code and show it to another AI (for example ChatGPT).
Prompt example:
Please review this code.

Look for:
• logical bugs
• edge cases
• security problems
• performance issues

Do not rewrite the code yet. Just analyze it.
The second AI often finds things the first AI missed.

Step 3 — Builder AI fixes it
Then you return to the first AI:
Another reviewer suggested these issues.

Please revise the code accordingly.

Why this works
Each AI tends to have:
• slightly different training
• different reasoning patterns
• different strengths
When two systems examine the same code, errors are more likely to be caught.
It's similar to peer review in science.

A very common combination
Many programmers currently use something like:
· Claude → architecture + long reasoning
· GPT → debugging and critique
But it can work the other way around too.

An even stronger version
Some developers use three roles:
1. Architect – designs the system
2. Builder – writes code
3. Reviewer – audits code
Often the same two AIs rotate through these roles.

Why it’s surprisingly effective
Large language models sometimes produce code that looks correct but has subtle errors.
Having another model inspect it often exposes those issues.
It’s like having two careful wombats checking the same tunnel system—one digs the tunnel, the other checks whether it might collapse.

One warning
Avoid simply saying:
“Rewrite this better.”
Instead ask the reviewer AI for analysis first, then let the builder AI fix the issues.
That keeps the process structured.

Since you’re using Claude and exploring these tools, you might also find it interesting that there is a very new development in AI coding tools (late-2025 into 2026) that is changing how people work with these systems.
It’s the rise of AI coding agents that can actually manage an entire project rather than just answer prompts. If you want, I can explain what those are and how they differ from tools like Claude or ChatGPT.


I will pursue that separately with you. However for now tell me about Claude codex, and GPT models


Here is a clear picture of the three major things you mentioned: Claude, Codex, and GPT models. They are related but serve slightly different purposes in the AI ecosystem.

1. Claude
Claude is a family of large AI language models developed by Anthropic. 
It works much like ChatGPT: you talk to it, ask questions, upload documents, write code, etc.
What Claude is designed for
Claude is a general-purpose AI assistant, but it has become particularly strong in:
· reasoning and analysis
· writing and summarizing documents
· programming help
· working with very large documents or codebases
Claude models currently include things like:
	Model
	Typical role

	Haiku
	fastest / lightweight

	Sonnet
	balanced performance

	Opus
	most powerful


Newer versions like Opus 4.6 and Sonnet 4.6 focus heavily on coding and long reasoning tasks. 
Claude also has tools like:
· Claude Code – a terminal-based coding assistant
· Claude web app – the chat interface you’re using

2. GPT models
GPT stands for Generative Pre-trained Transformer.
This is the general AI model family developed by OpenAI (the company behind ChatGPT).
Examples include:
· GPT-3
· GPT-4
· GPT-5
· GPT-5.4 (newer frontier model)
These models are general intelligence engines used for:
· writing
· reasoning
· coding
· math
· analysis
· conversation
· document processing
The newest versions are designed to handle complex tasks and large documents—some support extremely large context windows (hundreds of thousands to even a million tokens). 
Think of GPT models as the core engine behind tools like ChatGPT.

3. Codex
Codex is a specialized AI model for programming created by OpenAI.
It is essentially a coding-optimized version of GPT.
Codex can:
· write software
· read large codebases
· fix bugs
· run tests
· generate pull requests
· answer questions about code
Modern versions like GPT-5.3-Codex combine strong reasoning with coding abilities so they can complete complex software engineering tasks. 
Codex is often used inside:
· terminals
· developer tools
· IDEs
· code-review systems
Some versions can even run commands or interact with files while writing code. 

The simplest way to think about them
	System
	Company
	Purpose

	Claude
	Anthropic
	General AI assistant (very strong reasoning)

	GPT models
	OpenAI
	General AI models used in ChatGPT

	Codex
	OpenAI
	Coding-specialized version of GPT



An analogy
Imagine a software engineering company.
· GPT = the smart general engineer
· Codex = the specialist programmer
· Claude = another very capable engineer from a competing company
All three can code, reason, and analyze—but they have slightly different strengths.

One thing that may interest you
Since you mentioned using Claude for a project, there is actually a major difference in philosophy between the Claude ecosystem and the GPT/Codex ecosystem that affects how developers use them.
Many experienced programmers say:
· Claude → better for reasoning about big systems
· Codex → better for directly editing code
· GPT → most flexible overall
If you’d like, I can also show you how serious programmers are currently combining Claude, Codex, and GPT together in one workflow.
It’s a fascinating approach that is becoming very common in AI-assisted development.
Top of Form
Bottom of Form
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One thing that may interest you
Since you mentioned using Claude for a project, there is actually a major difference in philosophy between the Claude ecosystem and the GPT/Codex ecosystem that affects how developers use them.
Many experienced programmers say:
· Claude → better for reasoning about big systems
· Codex → better for directly editing code
· GPT → most flexible overall
If you’d like, I can also show you how serious programmers are currently combining Claude, Codex, and GPT together in one workflow.
It’s a fascinating approach that is becoming very common in AI-assisted development.
Yes, lets have that too
Many programmers now use multiple AI systems together because each one tends to be good at slightly different things. The workflow has started to resemble a small team of specialists, except the “team” is made up of different AI models.
Below is a common workflow developers use with Claude, Codex, and GPT models.

A Typical Multi-AI Development Workflow
1. Claude — system architect
Claude is often used at the beginning of a project because it tends to be very strong at:
· understanding large descriptions
· reasoning about architecture
· analyzing design trade-offs
· summarizing big codebases
A developer might ask Claude:
Design the architecture for a Python program that records internet radio streams and schedules recordings automatically.
Describe the modules and their responsibilities.
Claude produces the overall structure of the program.
Think of Claude as the architect drawing the map of the tunnels before anyone starts digging.

2. GPT — implementation helper
Once the architecture is decided, GPT models are often used to:
· implement modules
· generate code snippets
· explain algorithms
· write documentation
Example:
Write the Python code for the scheduler module described in the architecture.
GPT models tend to be very good at quickly generating working code.

3. Codex — code editor and automation tool
Codex (or Codex-style tools) are often used inside development environments.
They can:
· edit files directly
· run tests
· refactor code
· fix bugs across multiple files
For example:
Update the recorder module so it reconnects if the audio stream drops.
Codex tools may even automatically:
· modify files
· run the test suite
· create pull requests

4. Claude again — deep analysis
Developers often return to Claude when they need:
· deeper reasoning
· debugging explanations
· evaluation of system behavior
· summarizing large logs
Example:
Analyze why the recorder occasionally stops after 15 minutes. Here are the logs.
Claude is very good at thinking through complex situations step by step.

Why developers do this
Each model has different strengths.
	Model
	Typical strength

	Claude
	reasoning and architecture

	GPT
	flexible coding and explanation

	Codex
	direct code manipulation


Using them together reduces errors.
It is a bit like having:
· an architect
· a builder
· a quality inspector
working on the same project.

Another technique programmers use
Many developers maintain a shared project summary that they paste into whichever AI they are using.
Example:
Project: Radio V

Goal:
Record radio streams on a schedule.

Modules:
scheduler.py
recorder.py
metadata_writer.py

Current problem:
recorder sometimes stops after 15 minutes.
That way every AI immediately understands the project context.

A quick observation
The field is evolving extremely quickly. In the past year, many tools have begun combining these capabilities into “AI coding agents” that can:
· plan tasks
· modify code
· run tests
· debug automatically
In other words, the AI begins to act less like a tool and more like a junior software engineer working alongside the programmer.

If you’re curious, I can also show you something many experienced AI users eventually discover:
the biggest mistake almost everyone makes when starting to program with AI tools.
Avoiding that mistake can save a huge amount of time and frustration.
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Claude is often used at the beginning of a project because it tends to be very strong at:
· understanding large descriptions
· reasoning about architecture
· analyzing design trade-offs
· summarizing big codebases
A developer might ask Claude:
Design the architecture for a Python program that records internet radio streams and schedules recordings automatically.
Describe the modules and their responsibilities.
Claude produces the overall structure of the program.
Think of Claude as the architect drawing the map of the tunnels before anyone starts digging.

2. GPT — implementation helper
Once the architecture is decided, GPT models are often used to:
· implement modules
· generate code snippets
· explain algorithms
· write documentation
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Write the Python code for the scheduler module described in the architecture.
GPT models tend to be very good at quickly generating working code.
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Codex (or Codex-style tools) are often used inside development environments.
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· edit files directly
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· refactor code
· fix bugs across multiple files
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	Typical strength

	Claude
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	GPT
	flexible coding and explanation
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	direct code manipulation
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It is a bit like having:
· an architect
· a builder
· a quality inspector
working on the same project.

Another technique programmers use
Many developers maintain a shared project summary that they paste into whichever AI they are using.
Example:
Project: Radio V

Goal:
Record radio streams on a schedule.

Modules:
scheduler.py
recorder.py
metadata_writer.py

Current problem:
recorder sometimes stops after 15 minutes.
That way every AI immediately understands the project context.

A quick observation
The field is evolving extremely quickly. In the past year, many tools have begun combining these capabilities into “AI coding agents” that can:
· plan tasks
· modify code
· run tests
· debug automatically
In other words, the AI begins to act less like a tool and more like a junior software engineer working alongside the programmer.
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If you’re curious, I can also show you something many experienced AI users eventually discover:
the biggest mistake almost everyone makes when starting to program with AI tools.
Avoiding that mistake can save a huge amount of time and frustration.

If you’re curious, I can also show you something many experienced AI users eventually discover:
the biggest mistake almost everyone makes when starting to program with AI tools.
Avoiding that mistake can save a huge amount of time and frustration.
OK, if there is mistake the a lot of people make I am sure Ihave made it. what is it and how do I avoid it?
Yes—almost everyone who starts using AI for programming makes the same basic mistake at first. It’s very natural, and even experienced programmers fall into it.
The mistake is:
Trying to modify large existing code through long conversations
People often start like this:
1. Write some code
2. Ask the AI to modify it
3. Paste the new version
4. Ask for another change
5. Repeat many times
After a while the conversation contains:
· multiple versions of the code
· partial edits
· explanations
· experimental ideas
The AI then starts to lose track of which version of the code is the real one.
Eventually you see things like:
· bugs reappearing that were already fixed
· the AI undoing previous changes
· inconsistent variables or functions
· edits applied to outdated code
This is frustrating and wastes time.

Why this happens
AI models are excellent at creating new code, but they are less reliable at editing complicated evolving code inside a long conversation.
Each response is based on the context it sees in the chat, not a clean version of the project.
So the conversation becomes a bit like a messy tunnel system—lots of branches and abandoned passages. Even a diligent wombat could get confused about which tunnel leads where.

The solution: treat the code as the source of truth
Instead of relying on the conversation history, keep the actual project files as the authoritative version.
Then interact with the AI like this:
1. Work on the code locally.
2. When you need help, paste the current exact section of code.
3. Ask for a change.
4. Apply the change to your file.
5. Next time, paste the updated code again, not the earlier version.
In other words:
Always work from the current file, not the conversation.

Another helpful habit
When asking for changes, say something like:
Here is the current version of recorder.py.
Please modify only the reconnect logic.
Return the complete updated file.
This avoids partial edits that later cause confusion.

Even better practice
Many programmers also ask the AI to show a change summary:
Explain the changes you made and why.
That helps you verify the edits.

The key principle
Think of the AI as a very capable consultant, not the owner of the project.
The files on your computer are the real project.
The chat conversation is just a discussion about them.

Since you’re already thinking carefully about development methods (which is a very good sign), there is also a second mistake many people make that is even more subtle.
It doesn’t cause immediate problems, but it can quietly make AI-generated code less reliable over time. If you’re interested, I can explain that one as well.
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If you’re curious, I can also show you something many experienced AI users eventually discover:
the biggest mistake almost everyone makes when starting to program with AI tools.
Avoiding that mistake can save a huge amount of time and frustration.
OK, if there is mistake the a lot of people make I am sure Ihave made it. what is it and how do I avoid it?
Yes—almost everyone who starts using AI for programming makes the same basic mistake at first. It’s very natural, and even experienced programmers fall into it.
The mistake is:
Trying to modify large existing code through long conversations
People often start like this:
1. Write some code
2. Ask the AI to modify it
3. Paste the new version
4. Ask for another change
5. Repeat many times
After a while the conversation contains:
· multiple versions of the code
· partial edits
· explanations
· experimental ideas
The AI then starts to lose track of which version of the code is the real one.
Eventually you see things like:
· bugs reappearing that were already fixed
· the AI undoing previous changes
· inconsistent variables or functions
· edits applied to outdated code
This is frustrating and wastes time.

Why this happens
AI models are excellent at creating new code, but they are less reliable at editing complicated evolving code inside a long conversation.
Each response is based on the context it sees in the chat, not a clean version of the project.
So the conversation becomes a bit like a messy tunnel system—lots of branches and abandoned passages. Even a diligent wombat could get confused about which tunnel leads where.

The solution: treat the code as the source of truth
Instead of relying on the conversation history, keep the actual project files as the authoritative version.
Then interact with the AI like this:
1. Work on the code locally.
2. When you need help, paste the current exact section of code.
3. Ask for a change.
4. Apply the change to your file.
5. Next time, paste the updated code again, not the earlier version.
In other words:
Always work from the current file, not the conversation.

Another helpful habit
When asking for changes, say something like:
Here is the current version of recorder.py.
Please modify only the reconnect logic.
Return the complete updated file.
This avoids partial edits that later cause confusion.

Even better practice
Many programmers also ask the AI to show a change summary:
Explain the changes you made and why.
That helps you verify the edits.

The key principle
Think of the AI as a very capable consultant, not the owner of the project.
The files on your computer are the real project.
The chat conversation is just a discussion about them.

Since you’re already thinking carefully about development methods (which is a very good sign), there is also a second mistake many people make that is even more subtle.
It doesn’t cause immediate problems, but it can quietly make AI-generated code less reliable over time. If you’re interested, I can explain that one as well.

OK, what is the second mistake?
The second common mistake people make with AI coding tools is a little subtler than the first one. It is this:
Asking the AI to solve a problem before the human fully understands the problem
People often do something like this:
“Here is my code. It doesn’t work. Please fix it.”
The AI then proposes a change. Sometimes it even works. But the human never really understands:
· what the real bug was
· why the fix works
· whether the fix might break something else
Over time the code becomes a collection of patches that nobody fully understands.
This is very similar to something that happens in real software teams when people keep adding quick fixes without diagnosing the underlying issue.

Why this is risky with AI
AI systems are very good at producing plausible fixes, but they sometimes:
· fix the symptom instead of the cause
· introduce subtle side effects
· guess incorrectly about the real issue
If the human developer doesn’t analyze the problem first, the project can slowly become fragile.

The better habit
A very effective prompt pattern is:
Here is the code and the behavior I am seeing.

Please analyze the possible causes of the problem.
Do not propose code changes yet.
This forces the AI to diagnose first.
Then after discussing the diagnosis you can ask:
Given that analysis, what is the best fix?
This produces much more reliable results.

A related good practice
You can also ask the AI to list multiple possible causes.
Example:
List the three most likely causes of this bug.
Rank them by probability.
Often the first idea is not the correct one.

Why experienced developers do this
Good programmers tend to spend most of their time understanding the problem, not writing code.
AI tools can write code extremely quickly, but understanding the problem still matters.

A helpful mental model
Think of the AI as a very intelligent assistant helping dig a complex burrow system.
If the tunnel collapses and you say:
“Fix the tunnel!”
the assistant might start digging somewhere random.
But if you first ask:
“Why did the tunnel collapse?”
you are far more likely to repair the correct section.

You’re already asking the kinds of questions that experienced AI users eventually ask, which is a good sign.
If you’d like, I can also tell you the one habit that separates people who become very effective with AI coding tools from those who get frustrated with them. It’s surprisingly simple but extremely powerful.
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Yes, I this will be a text book for me to study. what is that habit?
The habit that most clearly separates people who become very effective with AI coding tools from those who get frustrated is this:
They write clear problem descriptions before asking the AI for help
In other words, they slow down for a moment and describe the situation carefully.
Most beginners do the opposite. They jump straight to something like:
“My code doesn’t work. What’s wrong?”
That gives the AI almost no useful information.

The effective habit: structured prompts
Experienced users often give the AI a short, organized description like this:
Goal
Record internet radio streams automatically.

Environment
Python on Windows.

Current behavior
The program starts recording but stops after about 15 minutes.

Expected behavior
Recording should continue until the scheduled end time.

Relevant code
[code snippet]
This simple structure dramatically improves the quality of the answer.

Why this works
AI models perform best when the problem is presented clearly.
You are essentially helping the AI understand:
· the objective
· the environment
· the observed behavior
· the expected behavior
· the relevant code
Without that information the AI has to guess.

Another useful pattern
Many programmers now use something very similar to the following template:
Goal:
What I want the program to do.

Problem:
What is happening instead.

Environment:
Language, operating system, libraries.

Code:
Relevant section of code.

Question:
What I want the AI to analyze or suggest.
Even writing this out often helps the human clarify their own thinking.

Why this habit is powerful
Writing the problem clearly does two things:
1. It helps the AI understand the situation.
2. It often helps you understand the problem better.
Many programmers discover that while writing the description they suddenly realize what the bug is.

A practical way to build this habit
Before asking the AI a question, pause for a moment and ask yourself:
· What is the goal?
· What exactly is going wrong?
· What should happen instead?
· What code is relevant?
Then include those pieces in the prompt.

A simple analogy
Imagine asking a mechanic:
“My car is broken.”
That is very hard to answer.
But if you say:
“The engine starts but stalls after 30 seconds when the car is cold.”
the mechanic can start diagnosing the real issue.
AI tools work the same way.

Since you said this might become something like a textbook for you, I can also show you something interesting:
There are five levels of skill people tend to pass through when learning to work with AI tools for programming.
Recognizing these levels helps people improve much faster.
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let's see them, I shouldat least be up to the second level by now.
People who work a lot with AI coding tools tend to move through five recognizable levels of skill. It isn’t a strict ladder, but the pattern shows up again and again.
I’ll describe them in plain language so you can recognize where you are and what the next step looks like.

Level 1 — Asking random questions
This is where almost everyone starts.
Typical pattern:
· “Write a program that does X.”
· “Fix this bug.”
· “Explain this code.”
The AI produces answers, but results are inconsistent because the requests are too vague or too large.
Characteristics:
· large prompts
· unclear goals
· lots of trial and error
People often feel the AI is unpredictable at this stage.

Level 2 — Structured prompting
At this level people start giving the AI organized descriptions of problems.
They include things like:
· goal
· current behavior
· expected behavior
· environment
· relevant code
Example structure:
Goal
Environment
Problem
Code
Question
Results improve dramatically because the AI has clear context.
Many people become reasonably productive at this level.

Level 3 — Modular collaboration
At this stage the user begins to treat the AI like a collaborator on a structured project.
Typical practices:
· break projects into modules
· design architecture first
· work on one component at a time
· keep project summaries
Instead of saying:
“Write the whole program”
they say:
“Let’s design the modules first.”
This reduces confusion and bugs.

Level 4 — Process engineering
This is where users develop workflows for using AI effectively.
They might:
· maintain a project specification
· periodically reset the context with summaries
· use two AI systems for review
· keep the codebase separate from the conversation
At this stage AI becomes a reliable development partner.
Projects become larger and more stable.

Level 5 — AI-orchestrated development
This is the frontier level that is emerging right now.
Users combine multiple AI tools that perform different roles:
· architecture
· coding
· testing
· debugging
· documentation
Sometimes AI agents even:
· run tests
· modify files
· propose pull requests
The human acts more like a technical director, guiding the process.

Where most people plateau
Many people stay at Level 2.
They can get useful answers but still experience:
· inconsistent code
· repeated bugs
· confusion in long projects
Moving to Level 3 (modular collaboration) usually solves these problems.

My impression from your questions
Based on what you’ve asked so far, you are probably already around Level 3 thinking, because you are interested in:
· architecture
· workflow
· specifications
· structured interaction
Those are exactly the ideas that move people beyond basic prompting.

A reassuring thought
Learning to work effectively with AI is a bit like learning to manage a team of assistants. The first instinct is to give instructions casually, but the more clearly and systematically you organize the work, the better the results.
You might say it’s like designing a network of burrows: the more carefully the tunnels are planned, the easier it becomes for everyone—including a diligent wombat helper—to move around and expand the system.

If you’d like, I can also show you something that surprises many technically minded people:
why AI systems sometimes write code that looks correct but actually contains subtle mistakes.
Understanding that mechanism makes debugging with AI much easier.
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OK, I would like to know that too
This is a very important concept, and once people understand it, they become much better at working with AI systems.
The reason AI sometimes writes code that looks correct but contains mistakes is rooted in how these systems actually work.

The key idea: AI predicts text, not truth
AI models like Claude and GPT are trained to predict the most likely next piece of text given the context.
They do not actually execute the code, and they do not truly “know” whether it will run.
So when the AI writes code it is essentially doing this:
“Based on everything I’ve seen during training, what code would usually come next in a situation like this?”
Most of the time that works surprisingly well, because the training data contains huge amounts of real code.
But sometimes the AI produces something that:
· looks correct
· follows common patterns
· is syntactically valid
yet still contains a logical error.

Why the mistakes can look convincing
AI is extremely good at producing plausible structure.
So the code may have:
· proper indentation
· correct variable names
· familiar library calls
· well-written comments
All of that makes the code feel trustworthy, even when the logic is wrong.

Common types of AI coding mistakes
1. Slightly wrong API usage
Example:
Calling a function with the wrong parameter order or a parameter that doesn’t exist.
The code looks right but fails at runtime.

2. Edge cases ignored
The code works in the normal case but fails when something unusual happens.
For example:
· empty input
· network interruption
· file not found

3. Missing system details
The AI may assume:
· a certain library version
· a file path structure
· an environment setting
that doesn’t actually exist in your setup.

4. Invented functions or features
Sometimes the AI writes code that calls something that sounds real but doesn’t exist.
Example:
audio_stream.autoReconnect()
The name sounds reasonable but may not exist in the library.

Why experienced users handle this differently
People who work effectively with AI coding tools tend to treat AI-generated code as:
a very good draft
not as finished software.
They immediately:
· read the code
· test it
· question assumptions

A useful prompt pattern
You can often improve results by asking the AI to check its own work.
Example:
Please review this code and identify possible bugs, edge cases, or incorrect assumptions.
This often catches problems.

Another powerful trick
Ask the AI to simulate execution mentally.
Example:
Walk through this code step by step with an example input and explain what happens.
Logical errors often become obvious during that walkthrough.

Why this matters
The AI is extremely powerful at:
· generating ideas
· writing structured code
· suggesting algorithms
But verification still matters.
Think of the AI as a brilliant assistant who writes code very quickly—but who occasionally guesses.

A useful mindset
Many experienced developers now think of AI coding tools as something like:
an extremely fast junior programmer
who:
· writes lots of code quickly
· explains ideas well
· sometimes makes subtle mistakes
With supervision, the results can be excellent.

Since you mentioned this might become a kind of textbook for you, there is one more concept that many people eventually find very helpful:
why AI systems sometimes suddenly get “confused” in a long conversation even when they were doing well earlier.
Understanding that makes long AI sessions much easier to manage.

Xxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxxx
OK, I would like to know that too
This is a very important concept, and once people understand it, they become much better at working with AI systems.
The reason AI sometimes writes code that looks correct but contains mistakes is rooted in how these systems actually work.

The key idea: AI predicts text, not truth
AI models like Claude and GPT are trained to predict the most likely next piece of text given the context.
They do not actually execute the code, and they do not truly “know” whether it will run.
So when the AI writes code it is essentially doing this:
“Based on everything I’ve seen during training, what code would usually come next in a situation like this?”
Most of the time that works surprisingly well, because the training data contains huge amounts of real code.
But sometimes the AI produces something that:
· looks correct
· follows common patterns
· is syntactically valid
yet still contains a logical error.

Why the mistakes can look convincing
AI is extremely good at producing plausible structure.
So the code may have:
· proper indentation
· correct variable names
· familiar library calls
· well-written comments
All of that makes the code feel trustworthy, even when the logic is wrong.

Common types of AI coding mistakes
1. Slightly wrong API usage
Example:
Calling a function with the wrong parameter order or a parameter that doesn’t exist.
The code looks right but fails at runtime.

2. Edge cases ignored
The code works in the normal case but fails when something unusual happens.
For example:
· empty input
· network interruption
· file not found

3. Missing system details
The AI may assume:
· a certain library version
· a file path structure
· an environment setting
that doesn’t actually exist in your setup.

4. Invented functions or features
Sometimes the AI writes code that calls something that sounds real but doesn’t exist.
Example:
audio_stream.autoReconnect()
The name sounds reasonable but may not exist in the library.

Why experienced users handle this differently
People who work effectively with AI coding tools tend to treat AI-generated code as:
a very good draft
not as finished software.
They immediately:
· read the code
· test it
· question assumptions

A useful prompt pattern
You can often improve results by asking the AI to check its own work.
Example:
Please review this code and identify possible bugs, edge cases, or incorrect assumptions.
This often catches problems.

Another powerful trick
Ask the AI to simulate execution mentally.
Example:
Walk through this code step by step with an example input and explain what happens.
Logical errors often become obvious during that walkthrough.

Why this matters
The AI is extremely powerful at:
· generating ideas
· writing structured code
· suggesting algorithms
But verification still matters.
Think of the AI as a brilliant assistant who writes code very quickly—but who occasionally guesses.

A useful mindset
Many experienced developers now think of AI coding tools as something like:
an extremely fast junior programmer
who:
· writes lots of code quickly
· explains ideas well
· sometimes makes subtle mistakes
With supervision, the results can be excellent.

Since you mentioned this might become a kind of textbook for you, there is one more concept that many people eventually find very helpful:
why AI systems sometimes suddenly get “confused” in a long conversation even when they were doing well earlier.
Understanding that makes long AI sessions much easier to manage.

"teacher, my brain is full." - let's stop here and I will get back to my project.
That’s a wise place to pause. When the brain starts to feel full, it usually means you’ve actually absorbed a lot. Let it settle for a while.
You now have quite a toolkit in your pocket:
· clear problem descriptions
· structured prompts
· module-by-module development
· the context reset / summary trick
· diagnose before fixing
· keeping the code as the source of truth
· understanding context windows and AI limitations
Those ideas alone put you well ahead of most people starting to work with AI on projects.
When you come back later, you might simply start with something like:
Project summary:
[short description]

Current problem:
[what you're trying to do right now]
That will get you moving quickly again.
For now, go back to your project and let the ideas quietly organize themselves—a bit like a careful wombat returning to its burrow and letting the tunnels settle before digging the next one.
When you’re ready to continue, I’ll be here.

